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Abstract
The nosocomial infection creates sickness in hospital
number of days to increase, the medical resources waste,
serious illness trouble illness, even causes the death. The
nosocomial infecting the most common one is the urinary
tract and infect. The laboratory information system
collection disease germ material can describe the

condition development accurately. Germ cluster and
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regional setting and so on. The nosocomial urinary tract

Infection will be detected from the laboratory report.

The purpose of research has two. First, with spend
Bayesian Theorem calculate each probability of bacterial
to Surveillance probability the urinary tract infect of
nurse station. Second, to build the base line hospital and
nurse station of the Nosocomial Urinary Tract Infection to
divine cluster event to come up, the Nosocomial infecting
officer can early discover cluster event to happen and stop

Nosocomial popular.

Research approach have two method ,first utilize
posterior probability and bacterial number to surveillance
the Nosocomial Urinary Tract Infection , another method

utilize baseline to monitor of clustering to come.

Result of the Research this to clustering that urinary tract

infection. Sensitivity is 0.75, and Specificity is 0.78.

Keywords: Bayesian Theorem, Nosocomial Urinary Tract

Infection, Surveillance System
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