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Psoriasis Image Segmentation Based on K-means Clustering and
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Abstract

Medical image segmentation is a difficult research topic
which segments precisely the important parts from images.
In this paper, we propose a psoriasis image segmentation
scheme to improve the accuracy. The K-means clustering
method helps the rough segmentation. Then, the dilation
and erosion method are adapted to refine previous results.
The experimental results demonstrate that the
misclassification error is very small between proposed
result and drawing by hand.
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