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Abstract

The Internet has been a popular platform on which users
find medical information and knowledge. In the huge
information space on the Internet, users usually need to
seek passages that convey specific topics or concepts.
Medical passage retrieval is thus essential. In this paper,
we implement and analyze three popular passage

retrieval methods, which rank passages on term
frequency computation. We identify their weaknesses in
supporting medical passage retrieval, and accordingly
propose a framework that employs text categorization to
rank passages. We also discuss several ways to combine
the framework with other methods, so that the system may
consider both term frequencies and semantics of passages.
The contribution is significant to the development of
medical passage retrieval systems to support healthcare

decision making and medical information exploration.

Keywords: Text Categorization, Passage Retrieval,

Medical Information Exploration.
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